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Introduction: Carbon capture and storage plays a key role In Pressure and CO, saturation data in reservoir models are estimated with History matching
mitigating CO, emissions to reach the net-zero objgctlves. Thus, fjeep—learnlng proxies based on Fourier Neural Opergtors (FNOs).ar?d ’Fhe Comparison of pressure profiles obtained with initial and updated
deploy!ng .Iarge—scale geologic CO, sequestration projects requires iImplementation Qf the Ensemble-Smopther with Multiple Data Assimilation models for a monitoring well in the reservoir.
dynamic risk assessments to ensure safe CO, containment in (ES-MDA) as the inverse modeling engine.
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9 Integration of pressure and CO, saturation data into NRAP-RAMP CO,/brine Ieakgge rates to ’Fhe aquifer present a large uncertainty in the
breakthrough time when relying only on prior models.
| tDa.ta.t_ NRAP-RAMP Workflow P”Ot" a,”dd t Conclusions: We developed a novel machine-learning workflow that
integration osterior data . ..
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