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climate change.
* Technology: o I
Time [months]
* Interface: Dynamic, browser based, built with Python and Plotly Dash. Figure 1. IBDP Bottom Hole Pressure reseure
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* Accessibility: Allows users to interact with reservoir simulation tools
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without needing to install software. :
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* Integration: Combines forward models and history matching \ A reaizaton (1 1457)
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 Data handling: Users can upload monitoring data, choose history Figure 2. TAMU Pressure History Matching

matching algorithm, and run simulations.
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Figure 5: Workflow of SMART Modules
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